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Abstract

For the past few years, because of the
popularity of smart phones, Location-aware
service becoming more popular, Global
Positioning System is the most commonly
used technique, Because signals can’t
penetrate in the buildings, when users in
indoor environments, positioning location
produce errors, Wi-Fi fingerprint is an effect
method for indoor position, in offline phase
the signal-strength will be collect by training
locations, but the signal-strength will be
change with environmental and time, most of
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research focused on the radio map
re-construction, radio map re-construction
need a lot of human resources to collect the
signal-strength for the training locations. To
solve this problem, we apply an efficient
method using regression analysis in response
to the dynamic environment, first we use
Cluster Algorithms to clustered the training
points to different cluster, the signal-strength
will be collected in the cluster and dynamic
updated. This study also regression analysis
for learning, by the regression analysis for
learning, reduces the signal-strength error for
radio map, and accuracy of the localization.

Keywords: Location-aware Service -~ Global
Positioning System ~ Indoor Position ~ Clustering
Algorithm.
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