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Using Social Networking for Dynamic Time Periods
Collaborative Filtering Recommendation System
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Abstract
The people's interest which won’t

change by the time. The changes will relate
to the environment. We often have high
degree of similarity with partners of work
and friend in same the school. Our preference
usually change because around friend’s
interests influence. The similarity of old
friends many change, because of time or
distance. Therefore, this paper present Using
Social Networking for Dynamic Time
Periods Collaborative Filtering
Recommendation System (SNDTPCF), when
the user issues a query, according to users'
need, the system will query all Point of
Interests(POl)within the range, screening the
POI of popular and user’s interest within the

computing of similarity. And then through
user’s interest change degree by the influence
of friends to given different weight value, so
that the recommend results can be more
conform the user’s currently interest. Finally,
calculate the recommended sequence, sorting
out the Top-N recommendation list.
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