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Abstract

In this research, we propose a new version
of genetic algorithm based on fitness sharing in
order to improve the search result. In previous
study, a Bad Genes selection mechanism is
implemented which improve the performance of
our study of timetabling problem. Nevertheless, it
still suffers the situation that the search results
fall into local optimal which is common for
evolutionary computations. In order to enhance
the diversity of genes selection, the proposed
algorithm delays the convergence of genes during
evolution process by using fitness sharing. The
experimental results show that our approach can
avoid the local locking situation in traditional
genetic algorithm. Furthermore, as the generation
increased, the result shows that the proposed
genetic algorithm can effectively finding the
optimal solution for the timetabling problem
under consideration.
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}
private void sharing () {
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If(i==0){
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indexDis1=distance (center);
SRR IR
scopel=getScope();

yelse if(i==1){
indexDis2=distance (center);
Scope2=getScope();

} else if(i==2){
indexDis3=distance (center);
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}
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doSharing();

}

static int radius() {

if(generationNum<5000) {
radius =intRandom(1, 5);
relse{
radius = intRandom(1, 3);

}

return radius;
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