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Abstract

Wireless sensor networks can transmit data
wirelessly, and they do not necessarily be sited in
advance, but the biggest limit of wireless sensor
networks is power saving. Sensors will waste
much power with transmitting data wirelessly
than computing inside. On the sensors, the data
are analyzed and determined that they will be
transmitted to server or abandoned, the power of
batteries will be saved. The ability of sensors is
not powerful, so it is worth researching how to
keep analyzing speed and accuracy under
restricted memory and processor. This research
proposed an embedded audio processing module
on the sensors. The module will extract audio
features with sum of magnitude difference
function and analyze in advance on the sensors,
then it decide to transmit data to server or not. It
will extend observing time of sensors. According
to the results of experiments, it could save the
power of sensors effectively.
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