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Abstract

Going concern opinion decision complicates
and involves profession judgment causes of audit
reporting failure. It is important that the auditor
assess correctly going concern of client. Prior
study about going concern opinion focused on
finding factors of going concern opinion. Some
researches use data mining techniques to develop
going concern opinion model in recent years. Our
study attempts to develop going concern opinion
decision model with conditional random field of
data mining and compares with support vector
machine. The empirical results show that
performance of condition random field than
support vector machine for developing going
concern opinion decision model. Our study
concludes that going concern opinion decision
model of conditional random field provides
effectively the auditor an useful information on
issuing going concern opinion and lowers audit
reporting failures risk further.

Keywords: Going concern opinion, Data miming,

Conditional random field, Support vector
machine
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