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Abstract

This paper discusses the use of genetic
algorithms (GAs) to evolve the trading
strategies for making stock buy and sell
decisions. Genetic algorithms evolve the
weights for neural networks as well as the
parameters for the stop-loss points and the
stop-gain points. The GAs usually use binary

chromosomes for coding solutions. This
paper  proposes using  floating-point
chromosomes.  This  coding  provides

schemata of shortest defining length, one for
each parameter, which prevents disruption by
crossover and mutation.

The experimental results show that the
evolutionary trading strategies are both
effective and robust for making stock buy
and sell decisions.

Keywords: Stock Price Forecasting, Neural

Networks, Genetic Algorithms, Trading
Strategies.
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