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ABSTRACT

This paper presented a method apply color
and texture features with Support Vector Machine
(SVM) which classify what kind of fruit is in
real-time. First, segment image which is captured
by web-cam. Then acquire the single fruit block
one by one and translate the color space to
YCDbCr. Using Y compute the texture feature
vector. Append the CbCr value to this feature
vector and formed a single fruit description. Final,
find the decision function with SVM. The overall
accuracy rate of this system about 95.33%.
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