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Abstract

Most pattern recognition tasks deal with
classification and regression problems. But
the data domain description problem is as
important as them. In domain description, the
task is not to part with overlapped or mixed
objects, but to judge them into the same
group or class. It means if we can find the
boundary around the target data closely, we
can get better accuracy of image judgment.
Support Vector Data Description (SVDD) is
inspired by the Support Vector Machine

(SVM), and can provide an effect accuracy
of data domain description. But the accuracy
is blundered by the amount of samples. In
this research, we utilize max-min range
method to generate outlier objects around the
target data artificially. By N -fold M times
cross validation method, we can get the best
(C,S) combination. At last, we use the UCI
Machine Learning Dataset Repository to
validate the effect of two methods.

Keywords: Support Vector Data Description
(SVDD), cross validation method, max-min
range method, feature classification
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