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Using Data Mining Technologies to Predict the Scores of Junior High Students
and the Analysis of Their Studies
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Abstract

The objective of this study is based on the
scores from junior high students according to
their scores of quiz, exam, and review test. The
relationship among the data is expected as a
reference for either teachers or students. The
main purpose is to analyze students’ test and
exam scores in English, Mandarin, math, nature

science, and social science. Thus teacher can
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supervise and give students a proper guidance.
The study uses the Data Mining software
like SVR (Support Vector Regression), BPN
(Back-Propagation Network), and Regression
Tree to survey, predict, and analyze every test
result in order to provide a series of data as a
reference for teachers.
Keywords: Score Predicting, Data Mining,
Support Vector Regression, Back-Propagation

Network, Regression Tree.
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