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Abstract

Technology of information and network
is rapid growth; the Internet has become the
largest knowledge base, due to the advances
in technology and the explosion in the
number of users, tens of thousands of pages
were produced every day. The Internet has
also become the largest source of information
of users. In Information-explosion Era, it is
become an important research Theme to
search information from such a huge of data.
Accordingly, this paper presents a Game
Theory-based method to extract Themeal
block from web page (a Game-theoRy-based
Algorithm for extracting theme-Block from a
web page, GRAB), so that users can
automatically retrieve the Theme block of
webpage and easily convert into storage,
retrieval and analysis of structured data. In
this study, we design a prototype system

based on GRAB algorithm, and doing the
system implementation and analysis. The
system implementation will show a example
of theme block extraction. And we design
two experiments to verify this study
proposed algorithm.

Keywords: game theory, information retrieval,
topic block tree .
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Input: two subtrees
Output: the node similarity of these two trees
Alogrithm: TSTM(T1, T2)
If r1 and r2 (the roots of the two trees T1 and T2)
contain distinct symbols OR have visual conflict
then

Return 0;
Else

m := the number of first-level sub-trees of T1;

n := the number of first-level sub-trees of T2;

Initialization: M[i,0] := 0 for i=0,...,m;

MI0.j] := 0 for j=0,...,n;

For i=1to m do{

For j=1to n do{
MTi,j] := max(M[i,j-1],

M[l'l,]],M[l-l,j-l]"‘W[l,J]),
Where WIi.j] := TSTM(T1[i], T2[i])
}

}
Return (M[m,n] + AVG(IC(m), IC(n)) +
content_similarity(rl, r2))

Procedure: content_similarity(rl, r2)
If r1 and r2 are not leaf nodes then
Return 0;
Else
¢s ;= LCS(rl.data, r2.data);
w ;= the number of words contained in cs;
m := the maximal number of words contained
in rl.data and r2.data;
return w/m;
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