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Abstract
In 1996, differential evolution

algorithm was proposed by Storn and Price.
The DE has simple structure, high efficiency,
high accuracy and required less set the
parameters and it has been widely used in
many fields. From a number of related
research found that although the differential
algorithm itself has good ability to solve
problems, there are still some doubts to be
resolved, such as the convergence situation
of instability and the general problem "easy
to fall into the local optimal problem", so
these shortcomings leading to restrictions on
the performance differential algorithm.
Therefore, this paper proposes a perturb
strategy, and expect the comprehensive
stability of effectiveness.
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2 A RF0XhTHEAFRFLRHLF(G0R)
PsDE Randl Best2
Mean Std Mean Std Mean Std
f1(X) 7.3322e-020 | 8.7141e-020 | 1.8423e-011 | 1.1765e-011 5.4096e-021 1.0245e-020
f, (x) 7.5575e-012 | 4.8765e-012 | 9.7385e-007 | 4.3412e-007 9.3775e-012 1.5366e-011
f5(X) 0 0 0 0 0 0
f4(X) 1.0928e-021 3.7311e-021 2.7175e-019 | 9.5833e-019 1.2394e-021 1.7878e-021
f5 (X) | 4.5821e+001 | 1.0919e+001 | 1.5174e+002 | 2.3728e+001 | 2.09797e+002 | 2.01917e+001
fs(X) | 6.2077e-011 | 4.0294e-011 | 1.4273e-006 | 8.1667e-007 | 1.0793e+000 8.2395e-001
f2(x) 0 0 1.5623e-003 | 4.2637e-003 1.2773e-002 1.3928e-002
fg(X) | -1.031628e+0 | 4.5168e-016 | -1.031628e+0 | 4.5168e-016 | -1.031628e+0 | 4.5168e-016
% SRFOFhEEfFRELEFTHREEG0R)
PsDE Rand1 Best2
Best Worst Best Worst Best Worst
fl(X) 3.4798e-021 3.1880e-019 2.0574e-012 4.7446e-011 6.4768e-023 4.4812e-020
f,(x) 1.1709e-012 2.2295e-011 | 4.1836e-007 | 2.3245e-006 | 9.9985e-013 8.3632e-011
f3(x) 0 0 0 0 0 0
f,(x) 0 2.0299e-020 3.3036-024 5.1178e-018 0 5.4265e-021
f5 (X) | 2.4698e+001 | 7.2672e+001 | 8.6174e+001 | 1.8902e+002 | 1.7509e+002 | 2.5490e+002
f6 (x) 1.5746e-011 1.8440e-010 5.1283e-007 3.5806e-006 5.7065e-011 | 2.4958e+000
f7 (x) 0 0 4.5380e-012 1.7276e-002 0 5.3760e-002
fs (X) | -1.031628e+0 | -1.031628e+0 | -1.031628e+0 | -1.031628e+0 | -1.031628e+0 | -1.031628e+0
% 6RFIOZhTIHEAFELFHEE(60 8)
PsDE Rand1 Best2
Mean Std Mean Std Mean Std
f,(x) 3.0180e-006 1.6382e-005 4.3950e-003 7.2754e-003 6.9721e-006 | 1.0251e-005
f2 (x) 4.3906e-006 1.8141e-006 1.3032e-002 2.7741e-002 5.4335e-004 | 8.6463e-004
f3(x) 0 0 8.8333e+000 | 1.5596e+001 | 8.6800e+001 | 8.6652e+001
f,(x) 2.2764e-005 3.0325e-005 1.1033e-004 2.2265e-004 4.5101e-005 | 7.1933e-005
fs(X) | 2.0933e+002 | 3.1598e+001 | 4.4733e+002 | 3.6791e+001 | 5.5937e+002 | 4.4832e+001
f5(x) 2.3579e-005 1.2550e-005 1.8359e-001 3.7564e-001 | 3.8813e+000 | 9.4639e-001
2 (x) 6.3137e-003 9.8065e-003 9.9574e-003 1.2338e-002 1.6704e-002 | 2.5414e-002




2 TREF0 B iEfEEE LY RE (60 2)

PsDE Randl Best2
Best Worst Best Worst Best Worst
4.5873e-009 | 8.9759e-005 | 7.4636e-004 | 3.9630e-002 | 9.2047e-008 | 4.1198e-005
2.0509e-006 | 9.0651e-006 | 2.5479e-003 | 1.4907e-001 | 4.0179e-005 | 3.2338e-003
0 0 0 83 15 495
1.8322e-008 | 1.3592e-004 | 1.2635e-006 | 1.1744e-003 | 2.0023e-009 | 2.7257e-004
1.4248e+002 | 2.7030e+002 | 3.2721e+002 | 5.0264e+002 | 4.0559e+002 | 6.2636e+002
7.8917e-006 | 6.1175e-005 | 5.1183e-003 | 1.1787e+000 | 2.1702e+000 | 5.5910e+000
1.4662e-008 | 3.4646e-002 | 6.0293e-004 | 4.5013e-002 | 1.3276e-007 | 9.6943e-002
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