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Abstract

Because of the drastic globalization, rapid
development in IT and shortening product life
cycle customization has neatly turned into the
mainstream of production management. It leads
to considerable increases in product diversity and
demand uncertainty that incur incorrect outcomes
in applying traditional forecasting techniques.
This paper therefore proposes a forecast
mechanism based on adaptive neuro-fuzzy
inference system (ANFIS) to solve the problem
of predicting demands under customization
environments. The inference ability of fuzzy
theory and learning capability of neural network
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are capable of properly adjusting new
combinations of fuzzy rules and membership
function automatically via ANFIS. It enables
fuzzy rule base an adaptation of environment
changes, and provides dependable forecasts for
managers to determine suitable plans and
scheduling activities. Especially we compare
results with the traditional regression analysis
and back-propagation algorithm, and obtain
preferable forecasts.

Keywords: Forecasting, customization, neuro-fuzzy,
back-propagation, regression analysis.
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