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Abstract

Looking for the key person from the
delivery of word-of-mouth is very important and
it can spread much information to other nodes in
the network. Opinion leader is one of the key
person and belong to the bridge position. In the
past researches, the most of social network
analysis study the node’s relationship. The
centrality can be analyzed who is the important
role in the social network. Therefore, many
researches would use the centrality to calculate
the opinion leader. But the opinion leader’s
article content is also a major target to identify
the opinion leaders. We found the past research
and using article content to judge is relatively
minority. If only used social network analysis to
find opinion leader have some shortcomings. For
this reason, we combine social network analysis
with text mining to analyze the opinion leader. To
anticipate find the real key opinion leaders in
social network.
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