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Abstract

This paper presents an image-texture
recognition technique to inspect defective
plastic-fabric bags. First, it extracts eight
features for an local image from the wavelet
version of the image. A classifier is
performed by an trained SVM (support
vector mahcine) to inspect the defective
plastic-fabric bags. Experimental results
show that the technique can obtain
acceptable performance. The accuracy rate of
the SVM-based classifier reaches 99.5%.
Keywords: Plastic fabrics bags; Image Texture;
SVM; Inspection.
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