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Abstract
After the government’s financial

liberalization policy, banks have confronted the
severe competition and challenge. One of the
bank’s revenue is unsecured loan. Therefore, the
aim of this study focuses on Small Medium
Enterprise (SME) which has the demand feature
of SME loan. The classification techniques of
data mining are used to build the two-stage model.
Because the SME dataset is unbalanced, a
sampling technique is also proposed to make a
balanced training dataset. Moreover, the study
uses the different classification algorithms in
each stage and enhances the predictive power on
minority class.
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