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Abstract 
 
This study presented a fast brain-computer 

Chinese Spelling System. This research proposed 

a new method to collocate the time of stimuli 

presentation. We had developed a Chinese 

spelling system which used ERPs components, 

P300 and N200, to detect the targets. Although 

the previous system had been used with a high 

efficiency, we still tried to speed up the spending 

time for selecting an item. Based on our previous 

study, we proposed some principles, used to 

collocate the time of stimuli presentation, to 

develop a fast brain-computer Chinese Spelling 

System. The results show that the proposed 

method could elicit visual evoked potentials 

efficiently which could be used to detect the 

targets. Thus, this fast system could be used with 

very high accuracy and speed. 

Keywords: Brain Computer Interface(BCI), 

Chinese spelling system, event-related 

potentials(ERPs) . 
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