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Abstract

In recent years, the decision makers required to
the
decision-making(MODM) system

resolve issues of multiple objective

than

decision-making

rather

those of single objective
(SODM) systems in the real world. In the study,
we will therefore presents a novel approach to
classifying datasets with multi-decision attributes.
The hybrid scheme incorporates fuzzy set (FS)
theory, Variable Precision Rough Set (VPRS)
theory and a modified form of the PBMF index

function. When the approach is built, it can be

e
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efficiently used for a MODM system in the future.
This approach can help decision makers to derive
suitable and the most appropriate decisions.
Keywords: multiple objective decision-making,
Rough Set, PBMF index function, fuzzy set
theory, Data Mining
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Gt e B | = re B2 | hEboa i g | et kB

X 2.0 4.1 8.5 1.7

X, 2.1 4.2 9.0 2.2

Xq 2.2 4.3 10.3 2.3

X, 2.9 2.0 4.4 3.4

Xg 3.0 2.1 4.5 3.5

Xg 3.1 2.2 5.2 4.2

X, 3.2 2.3 53 4.3

Xg 3.3 2.4 6.0 51

Xq 34 2.5 4.7 45

X10 35 2.6 10.0 1.8

%3 TR KEE

G (=8 C (=) 0; (=) d; (=24

X; i b i Ly i Moy i oy j M3 j M3z j Hay j Haz
X 0.9923 0.0077 0.9970 0.0030 0.9290 0.0710 0.0185 0.9815
X, 1.0000 0.0000 1.0000 0.0000 0.9865 0.0135 0.0050 0.9950
Xq 0.9915 0.0085 0.9975 0.0025 0.9759 0.0241 0.0155 0.9845
X, 0.1321 0.8679 0.0181 0.9819 0.0138 0.9862 0.7055 0.2945
Xs 0.0522 0.9478 0.0088 0.9912 0.0100 0.9900 0.7792 0.2208
Xg 0.0120 0.9880 0.0024 0.9976 0.0022 0.9978 0.9989 0.0011
X5 0.0001 0.9999 0.0000 1.0000 0.0052 0.9948 0.9998 0.0002
Xg 0.0057 0.9943 0.0032 0.9968 0.0768 0.9232 0.9310 0.0690
Xq 0.0212 0.9788 0.0139 0.9861 0.0039 0.9961 0.9913 0.0087
Xi0 0.0416 0.9584 0.0344 0.9656 0.9888 0.0112 0.0104 0.9896




LANEREE R BRE

X C,, (x:) C,, (%) Ca, (%) C., (%)

X 1 (0.9923) 1 (0.9970) 1 (0.9290) 2 (0.9815)
X, 1 (1.0000) 1 (1.0000) 1 (0.9865) 2 (0.9950)
Xq 1 (0.9915) 1 (0.9975) 1 (0.9759) 2 (0.9845)
X, 2 (0.8679) 2 (0.9819) 2 (0.9862) 1 (0.7055)
Xs 2 (0.9478) 2 (0.9912) 2 (0.9900) 1 (0.7792)
Xg 2 (0.9880) 2 (0.9976) 2 (0.9978) 1 (0.9989)
X4 2 (0.9999) 2 (1.0000) 2 (0.9948) 1 (0.9998)
Xg 2 (0.9943) 2 (0.9968) 2 (0.9232) 1 (0.9310)
Xq 2 (0.9788) 2 (0.9861) 2 (0.9961) 1 (0.9913)
X1 2 (0.9584) 2 (0.9656) 1 (0.9888) 2 (0.9896)

5 R B D

o1 (DACV=[1,2])

a2 (pACV=[2,1])

X 0.9290 0.0185
X 0.9865 0.0050
% 0.9759 0.0155
X4 0.0138 0.7055
Xs 0.0100 0.7792
X 0.0011 0.9978
X 0.0002 0.9948
% 0.0690 0.9232
X 0.0039 0.9913
X0 0.9888 0.0104




X, X=Z % =z
X, (-0.870,1.230,1.710,-1.600) 2.785
X, (-0.770,1.330,2.210,-1.100) 2.908
Xq (-0.670,1.430, 3.510,-1.000) 3.977
X, (0.030, -0.870,-2.390,0.100) 2,546
X5 (0.130,-0.770,-2.290,0.200) 2.428
Xe (0.230,-0.670,-1.590,0.900) 1.960
X; (0.330, -0.570,-1.490,1.000) 1912
Xg (0.430, -0.470,-0.790,1.800) 2.066
Xq (0.530, -0.370,-2.090,1.200) 2.495
X10 (0.630,-0.270,3.210,-1.500) 3.609
2 TE enFHE
b2 | -
X, (-0.1000,-0.1000,-0.7667,-0.3667) 0.8615 0.7714
X, (0.0000,0.0000,-2.6667,0.1333) 0.2981 0.2921
Xq (0.1000,0.1000,1.0333,0.2333) 1.0687 1.0303
X4 (0.8000,-2.2000,-4.8667,1.3333) 5.5626 0.0090
Xs (0.9000,-2.1000,-4.7667,1.4333) 5.4768 0.0055
Xe (1.0000,-2.0000,-4.0667,2.1333) 5.1077 0.0002
X; (1.1000,-1.9000,-3.9667,2.2333) 5.0539 0.0000
Xg (1.2000,-1.8000,-3.2667,3.0333) 4.9550 0.0898
Xq (1.3000,-1.7000,-4.5667,2.4333) 5.5996 0.0014
X10 (1.4000,-1.6000,0.7333,-0.2667) 2.2647 2.2268
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