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Abstract

More and more customers purchase any
kind of products or services depending on
personal experiences and comments from blogs,
virtual communities, and e-business websites.
According to related researches, customers think
these personal opinions are more reliable than the
existing internet advertisements. Therefore, some
enterprises attempt to manipulate comments to
influence customer behaviors and increase their
sales volume. Recently, to identify manipulated
reviews has become one of hot issues in the area
of e-business. But, it’s a difficult task to
effectively  classify ~ manipulated  reviews.
Therefore, this study employs Support Vector
Machines (SVM) to improve the classification
performance of review manipulation by
introducing some additional attributes such as
“readability”. In addition, we tried to discover the
important attributes of identifying manipulated
reviews. Finally, we used a real users’ comments
data regarding the famous smart phone “Samsung
Galaxy Note I1” to testify the effectiveness of the
proposed method.
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