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Abstract

Because of the trend of fewer children in
recent years, universities face the challenge of
competitive admissions. The rumor of university
has become the most factor in operation and
decision-making. This research attempts to
develop an automatic web customer opinion
analysis system. The system uses crawler to
retrieve university-related articles and extract
feature words. The heuristic n-phrase rule used to
organize and analyze customer generated content
information from the Internet. Experimental
results show that the heuristic n-phrase rule
correctness achieve up to 81% accuracy, which
prove that the method could assist universities to
understand their advantages and disadvantages in
the market position. Finally, we construct
positioning map to presents valuable information
to assist universities understand their advantages
and disadvantages in the market position, thus
helping them to increase market competitiveness.
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