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Abstract
In this paper, we study improved

median filter for image restoration treatment
effect. Application of Gabor filter conversion
with Grey Relational Analysis, proposed an
innovative image restoration algorithms,
which used gray relational analysis to
calculation the relation degree of the image
information sequence content, to distinguish
the location of the noise point for pepper salt
noise image. Therefore let median filter can
accurately remove the noise point. The
experimental results show our method has a
good effect of reduction noise and retain the
detail information of original image. Finally
the image has the highest similarity with the
original image.

Keywords: reduction noise, Gabor filter, Grey

Relational Analysis.
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