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Abstract

Quantum-inspired evolutionary algorithm
(QEA) applied on optimization problems, the
quality will be good enough based on the
quantum simulated method. Once, however
iterations are too short to converge, the good
quality is missing. We proposed an improved
quantum-inspired evolutionary algorithm, called
fast-quantum-inspired evolutionary algorithm
(FQEA). Through the advantages of exploration
and exploitation, the FQEA provides higher
convergence efficiency and robustness compared
to QEA and K-means Algorithm when solving
some clustering problems.

Keywords:  Quantum-inspired
algorithm (QEA) and clustering
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