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Abstract

Although image classification has been
fast evolving, there is still ample room to
develop an automated classifier. This study
proposes an image classifier based on canopy
reflectance database, which is applied in
change detection of land-cover. Training
areas can be selected once to classify other
image at different time. The results show that
canopy reflectance should consider it
bidirectional effect characteristics, which are
dependent of angles of sun and satellite.

Keywords: image classification, reflectance,
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