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Abstract

We after reading this article of A SVM Approach
for Vessel Fire Detection Based on Image
Processing find that original judgment toward
flames candidate for election district and choice
can be improved, image will problem of
candidate for election district of existence non-
flames, we adopted a shape to learn the
processing to work out the problem of many
districts, and set the new parameter to let SVM
the classification Be getting more accurate, test
part of classified accuracy of then using to 10
times cross identification to shows.

Keywords: The image processings; flameses
detect; move the object detect; the color detect;
SVM.
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Accuracy=95.6863%(244/255) (classification)
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Accuracy = 92.2989% (1606/1740)
(classification)
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